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» Background » Application

m Low-Light areas widely exist m Photography m  Outdoor Investigation
> Problem statement

m Night Security

T Different areas - Mo Different images
"I need be processed — LR @il need be brightened
differently i o differently

» Proposed method

Overall framework P1.1: Learnable Histogram Feature Guided
Image Binning Method
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PU21(dB) SSIM  PSNR(dB) |EV |PU21(dB) _ SSIM __PSNR(dB)
HDRUNet| , [ 47.0535  0.6469  32.8323 HDRUNet| 5 |39.2212 0.3906  25.0495
P1+P2 46.5009  0.6753  32.0832 P1+P2 44.7518  0.6588  30.1600
HDRUNet 452808  0.5958  31.1675 HDRUNet 448810 0.6109 30.3101
P1+P2 | 2| 458617  0.6767 315311 P1+P2 44.7518  0.6588 _ 30.1600
HDRUNet 477825  0.7276  33.5142 HDRUNet 453149 0.6291 31.0092
P1+P2 | ° | 494206 07794  35.1342 P1+P2 | " | 45.8569 0.6939  31.3362
HDRUNet 557590  0.8294  41.5928 HDRUNet 44.2330 0.3845 30.3106
P1+P2 | /| 593591 08737  45.1534 P1+P2 | | 44.3508 0.3921 30.3711

> Conclusion

m All metrics on proposed method shows higher on most scenes compared with
conventional work.

HDRUNet Proposed

m Visualized result of proposed is better than other works.
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